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APPENDIX
Wepresent the full specification of our convolutional neural network
in Torch syntax. Note that, we use a modified version of FaceNet’s
nn4 network [Schroff et al. 2015] that is based on the GoogLeNet ar-
chitecture [Szegedy et al. 2015] (the Inception model); its parameters
are modified to work with our smaller size dataset (48 × 16).
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local net = nn.Sequential ()
net:add(nn.SpatialConvolutionMM (3, 64, 7, 7, 1, 1, 3, 3))
net:add(nn.SpatialBatchNormalization (64))
net:add(nn.ReLU ())
net:add(nn.SpatialMaxPooling (3, 3, 1, 1, 1, 1))
net:add(nn.SpatialCrossMapLRN (5, 0.0001 , 0.75))

net:add(nn.SpatialConvolutionMM (64, 64, 1, 1))
net:add(nn.SpatialBatchNormalization (64))
net:add(nn.ReLU ())
net:add(nn.SpatialConvolutionMM (64, 192, 3, 3, 1, 1, 1))
net:add(nn.SpatialBatchNormalization (192))
net:add(nn.ReLU ())
net:add(nn.SpatialCrossMapLRN (5, 0.0001 , 0.75))
net:add(nn.SpatialMaxPooling (3, 3, 1, 1, 1, 1))

net:add(nn.Inception{
inputSize = 192,
kernelSize = {3, 5},
kernelStride = {1, 1},
outputSize = {128, 32},
reduceSize = {96, 16, 32, 64},
pool = nn.SpatialMaxPooling (3, 3, 1, 1, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 256,
kernelSize = {3, 5},
kernelStride = {1, 1},
outputSize = {128, 64},
reduceSize = {96, 32, 64, 64},
pool = nn.SpatialLPPooling (256, 2, 3, 3, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 320,
kernelSize = {3, 5},
kernelStride = {2, 2},
outputSize = {256, 64},
reduceSize = {128, 32, nil , nil},
pool = nn.SpatialMaxPooling (3, 3, 2, 2, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 640,
kernelSize = {3, 5},
kernelStride = {1, 1},
outputSize = {192, 64},
reduceSize = {96, 32, 128, 256},
pool = nn.SpatialLPPooling (640, 2, 3, 3, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 640,
kernelSize = {3, 5},
kernelStride = {1, 1},
outputSize = {256, 128},
reduceSize = {160, 64, nil , nil},
pool = nn.SpatialLPPooling (640, 2, 3, 3, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 1024,
kernelSize = {3},
kernelStride = {1},
outputSize = {384},
reduceSize = {96, 96, 256},
pool = nn.SpatialLPPooling (960, 2, 3, 3, 1, 1),
batchNorm = true

})
net:add(nn.Inception{

inputSize = 1024,
kernelSize = {3},
kernelStride = {1},
outputSize = {384},
reduceSize = {96, 96, 256},
pool = nn.SpatialMaxPooling (3, 3, 1, 1, 1, 1),
batchNorm = true

})
net:add(nn.SpatialAveragePooling (3, 3, 2, 2))
net:add(nn.View (736))
net:add(nn.Linear (736, opt.embSize ))
net:add(nn.Normalize (2))

return net

ACM Transactions on Graphics, Vol. 37, No. 06, Article XX. Publication date: November 2018.

https://doi.org/10.1145/nnnnnnn.nnnnnnn

	Abstract
	References

